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• Problem 1, Bishop, Chapter 7, Problem 7.4 & 7.5, Page 357
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At optimum, primal = dual
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Problem 2, Problem 7.19, pp. 358.
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Problem 2, Problem 7.19, pp. 358.
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 Problem 3, Bishop, Problem 6.22, pp. 322
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Problem 4, Bishop, Problem 12.2, page 599
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 the necessary condition.
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See lecture notes for a more general proof. 
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Problem 5, Murphy, Problem 12.6, page 417
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Problem 6, Murphy, Problem 12.8, page 418

• The angles are [26.5830 39.9344 27.7366 140.3943 97.6569 119.5270 

119.4842 113.1596 63.2745], so the top 3 closest matches are documents 

1,3,2.
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Problem 7
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Problem 7

MLP
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Problem 7

LMS


